Al-Mansour Journal/ Issue (41) 2024 (£)) 22l /) paiall ddae

Al il Bl aladiialy Cpadaly ) Gue S i)

A3 3o (@l dasa a0
mohammed_naif85@nan.epedu.gov.iq

il G Jelail zaal (L o S a3 ae Apadall el JISET ST sl g8 23S palii )
da gl Gyt DA e Jaid ol Calal gall GLEKT (S a8l Glaal) @ pelal Jaas ST Y
Leind s Ggeall A8 Jia dpmand) pailiadll (Kay el adle Jia ) pal) JIA (e Ll (K1
Al el Sl e adl ) il jall jasng | addll ddlaladl Al Jga dad Claslaa a6 0
Balandl 5 ¢ adl s uardl G ey cagdl sal IR e 0,00 ddhladl GV e (e 480
LoDl dadal Jie ddliae gl 8 Akl o2 aladiul (Says W e s dpmpdall Alallg Casall
Jaal b jeliall o o el Gkl (guadat ) A al) 038 8 Coags o Dlead) dadd dadail 5 (33l
Gl Ji Ganaly HI dalalall Al Hlidly 2 5 CHOOSE. TEST (oonw plai yaghat i aly )
Al Ll e caardl s ¢ all Jie dplad) jeliad) s LaY) sl ¢ il b Sl iinl a3 4 ghall
Agalall dpudil) Al )l panhall s = Al jelie Jie dplad)) selially daanh e Al
raldail 13g] (pad g eliyy Ui 43 jran g & aall DA e e DU il sl e Cad€IL AUl o
4l ML_CHOOSE gasais 484ilY] dpuaall wlsulll el DL_CHOOSE g2 s
Al alasiuly 79V 48y Jaeay allaill aidhy aledll Jai g e 49 ,0d) (ReSNet50) aslie e

Dl Gl 2Y ResNet50 alasiuly 7AY 5 L8y dyuasll

il (ResNet50 ) alaill canil) da 5o dlabaa (¥l jelie juai rdgalidall cilalsl)
UL asend AEETY) dyuaall

dadial)

4l o2 Canpal WS @l HLE) IS (e Ayl peliall GlES) dglee g QSN jeliie
Speech ) 2Kl dible e ol any salall s Glus¥) g Jelill pUas 8 53) jie dpeal <l
Dk a8l Y bl g elilaal) oSA) Jlas s dage (Emotion Recognition (SER)
Al g Ayt o Adlalall V] Bl 5 e ae 2ASH L) (e il gall aaa) Aalid Bk o) dialll
saiae s ay bl axe o Aaid) e dlle s L)y e e Lol ey Gawd 5 juad
CEIOE P PIEPE EWE I PRSI\ E P PR\ RS WV P FEWERRCH [FVES ol PRY
L oeliall e dauls e geae dalii (A A a5 LA G Jise Gk e e st (K
asll Gl VA e e liadl ol J8 oKans slalidl g Casdlly camrll g o adl y saland) @l
Ol 4618 3ol 2SN el Slo iyl alas aialy [Y] @sbudl s ciguall 3505 cauall 43l
Jie Liblall cYW Caiat e o (SER aub oy prall calaill 138 @Y 5 8l G Jual gl

74



Al-Mansour Journal/ Issue (41) 2024 (£)) 2=l /) saiall ddsa

Sl oY 1k daaidl Gl e sl slaladly sabend) s Guankall slally caucanlly g all
ool il gl (3ol LS () giald) o8 288 Jaal il J Y1 aliall 3 A geal) 25l () geddiiy
il agd Y Sy (SER A e sl oyl e Gaaill A e YY) g il
Jelil) 5 &y i) peliall o oyl YD Al sda i canbia JS Alaiully Juadl ISy
el a) aly elegleall Z) A0y 48 e o S IS8 V) aleill 23 gai e aaiey V] <l
Gali bl g bl slegl Qg (il CoDAYT g 4l 5edl il el ) Al dlee
WS e el 3elS auad ) Cand) Caagy s cciinatll 3 Laala 1550 da ddall <l Sl
i) gy Aaline cilalea o 45 gual) Ol LY (g sind [£] da i)l z) At 5k aladiul
i e Cayial oy );M\mm@up\ﬁ\mmu}m)mgm Giaaiall duihlall )

Teager ) N L PO S0 B P @J\ I
Speech Z)perator (TEO)
Features
72 2 N N
Continuous Qualitative Spectral TEO-Based
Pitch Voice quality: LPC TEO-FM-Var
Energy harsh, tense, MFCC TEO-Auto-Env
Formants breathy LFPC TEO-CB-Auto-Env

ANl LS < Jaa 81 630 1)) JS)

L55 Lu ‘;Y\ (au\ Al u_ﬁ:m)‘)\)a e AgAaJ\ u}m\_ﬂ\ ?M\ «lld d;\s;.ﬂj _4:\.\}54:5\ a_\\JLu}I\
il il LSTM s CNN Jie Gaeall alaill cilsa 3 51 2 ) 48l «(RF 5 DT s SVM el

o) A8 Gua] Adlide Cliiian e & cdlld ) ALYl clae D 5 e Lale J sanll a3 )
VI oS 8 W s ff peliall e

a oy gl sd Amdall e g dedall peliall Gn il sl olSA 03 gas ) B o
1l pailadll padainl Lol «lilbll cle gane ol Teay oJal je 320y allaill ks
A ) aladinly Caiaill dlee

75



Al-Mansour Journal/ Issue (41) 2024 (£)) 22al) /) seaiall ddaa

i) 3acld diygs V.Y

llati dslalal) ailla g 4553 (5 gine e caall e DU bl aaiai «(CHOOSE_TEST olai b
gk o) asy ce M s s s sl Gl Al )y Ablall ¢35l S Ay
Ly 5" ew Lo JOA 8Ll e cilela GO J8 saa Je e JS e 4 ) Hdial Al
sy (A all agad s 005y e 53l O g oedn Al e S sty Glld sy il iy g <" aall
Oseb Gl me D lial lasal "l ces 38" JOA doleall o2 ) ST A ghadl 8 dauls
fe gana oLt a3 oz yial) Ul 8 A shadl (he Aalall A jall o3 8 Cunll Jad abalall ) i)
Gl iy Ssa o 000 (e S "CHOOSE" (e ¢ aaaidll 4 yall 42l cilily
U VA On aa sleel 51 (L3S agmian) Ol eV dued] (Lapb e 5 dapl) (fidble
di Ayl dallae ) plisg ) bl e gene o 40001 dallad) (o (5 a3y e YT

Lgsioat s e slaall (Sl dla je 8 Lllay|

A5y Aadlaal) VY -y

LY 28l dshale e Capatll Jal e doulad 5 shad 45 pall clalal) cllal 405Y1 Aalladdl s
Canieaill Waalae ] clilall slae) Jab oy cdiad) s yall Cualia s canlia <G ULl dlacly s
A Al )

Giob oo Ul de sane aaa 3343 aadid 4 8 (Data augmentation) <l s )
8305 aladind (Kay didadlll eliall Cilily cile sana & 535a sall il (e sana cilie L)

4] D il La) b Al JA) Gk e Jelidl e Gaaill rila slal Gl il
) 3343 ¢ ya) O At g 530 (Y) JSEN Jian g

E
Time

i) 334 Aalee J8 AaY) 5 LY (1Y) Jsid)

A gaall calalal) iy 3ol 3 Aedddivall Lyl e

76



Al-Mansour Journal/ Issue (41) 2024 (£)) 22l /) paiall dlaa

OSar L ganag @J.A(_Ar_.}aw\ cAeM\ BJUJ&LMMJ :Q}A\ :\.agja‘)ﬁﬁ-\
dalide sy saas Cilie oLy o dahalall 30l 8 ) i) slSlad @ gal) ddida Jaasiy cae U
A7) JS3 8 e o LS ) 0] sl dnidy Ll Ll gl cilida (4

o.06
o.0a 4
0.0z
0.00

—o.02 |

—o.0a

—o.06 -

o o.s 1 15 =z
Tirme

OSa M}w}u}a.\l‘u_\b‘:\:bwl a&m1om‘m)u)uuwmu w8l aad Y
oo LS [9] Adlise 2aay 30 Glie ;Luﬁ 3_m;_\§ gsg_:\)y_\]\ BlSlaal gl nad aladinl

(%) J<ad) & (e

©.10

0.00

—0.05

—0.20

o 0.5 1 1.5 2 2.5 3 3.5 E3 4.5
Time

balaa 3Ll () Jead

aAllall iy BlSlaal WIS 5 5LE) L)) sliandl el geall dilia) @lld Gl elingaall dilm) Y
JS 3 e a LS [V o] Aglal) b elin gaall (he ddlida il ginaey 3a0a cilige sLESY 4l Rl

(°)

0.5

0.0 |

—o.o05 -

—o.10 -

o 3y 1 ERY El
Tirme

Ak gia B 3} 1(0) Jedd

L e bliall ae 238 5 LAY (g3l cadall st Gl aal (A8 gall 3HLEY) digad €
Slie ad gl Seall goaall g8 A Gl sl sl ekl of gl aladdu) (Say Aaia )l
(1) JSEN (8 min e ga LS ([9] Adlidse dudda alliad D Baaa

o o5 1 1.5 E
Time

U gatia 5LE) 2(1) Jeid

77



Al-Mansour Journal/ Issue (41) 2024 (£)) 22al) /) seaiall ddaa

oLy @Ji Leadind 5 Ly Aaldd) Gl de gana LWl «z sl CHOOSE_TEST alai i
.(overfitting) 25 31 jeadll caiat g Uikl de gena PEEN 3L 31 calibull ol 3 dalida

A A )

OsS 4 paal) lalall il 331 Jane Jaa dolaall 228 (el Eupm Aigal) Jana s Calall J b wn
paal o Jsanll 45 sall cldld) J) gl am g5 Gl 5 cclilall apand 4060 8 die (YY04)
iy dggeall Gl a5 &5 4 slhaall mlill e Jpaad) Jull s 45 sall Cilipall 4y sluia
pad o (il e ST geal) Gilall Jgh IS 1Y) (Osiil)o G seall Calall glhadl) skl
G ey in sl Gl IS atd il e J8 Calall Jsk oIS 13) Ll Lad oyl J

(V) S 8 L) b a5 dlee el o sthaal) k)

/ sl Calal) 3¢ 53 /

\l/y Ol =< dalal) Jsh
aldl <
Ol J g ol
L A
=
5 gl Cilall Jaia

cilall Joha a6 Aglaad (o) Jadadia 3(V) JSi)

(CHOOSE) cuau Al cilibd) saslé (V) Jgaa

78



Al-Mansour Journal/ Issue (41) 2024 (£8)) 2aa) /) paiall Ao

o, N iglay)
o, o iy la
o, o, ddiaa
o, o, MJ&A
o o Al gata
Yo. Yo. £ gaaal)

(MFCCs) all da )3 cdlalaa aladiuly < jaall aMaiu) Y-Y

Aoyl ey b 2l G Ageall 5 iy cadal Un ghiae Sl el da 50 Claaa 223
o Gallse o Cajeill Al ol 8 IV sshall Copal) didal Jhall e gl
bl (g giaall paadl Bua e Al A8 geal) 3 LAY U e paaT Gk e Gl aall 2] A0
L ay Al Ol pal) Ldeal L5y [A] dadll s 48l clia i Jie gAY Glaglaal gaen A1)
G Ggall J€G 23y Lee (@l lall) Jady @A) Gisall g oaall JSG JBA e Gl
B Cada e ety Al w3 geall 883 Slial Jaay 38y JSA 13 303 o) Lz A
o2 alaiul a3 A8y Gkl 13 axdll da Ol Jiaiy dgigall sl JSE 8 2eY) il
& Ofinalie a5 (i g Gf e OIS ol e e AEHD Ca el (8l 5 (Sl e leladll

V] sl

Original i MFCC .
4 file Dita : Features
= Pre-processing: Augmentation _...*.....L*A SAVE Exfraction
—_— —_— e 4
o File leazth 3 secomds » Pitch changing -"'*'-'F’*
+ Sample rate 220350 [ v Shift Tiput irnage
+ Noise i To model:
. soetch W oDt ool

pil) da 3 cBlalea aladindy (CHOOSE) clibl) 330 ha &l Jaall (addliud 1(A) Jeil)

£ Shal) AUl ¥o¥

Al dasl) Glal) e siad) DL_CHOOSE o

79



Al-Mansour Journal/ Issue (41) 2024 (£)) 22al) /) seaiall ddaa

Zisal e jelice Gp Ouall acad) LAY Auasll AN il el
a5 (o0 Al B (Keras) 4Se aladiuly o5l o3 Juluis 73503 585Dl CHOOSE.
Caiadll Al ya s Ol aall (aMatL) Ala yaropila e e dsalll S (V) Jsaa

CNN_CHESS zisai 43 (¥) Jsa

Layer type details
1 Convad 6 filters + ReLU + Stride=1 + kernel width=5
2 Convad 16 filters + ReLU + Stride=1 + kernel width=5
3 Conv2d 32 filters + ReLU + Stride=1 + kernel width =5
4 Convad 64 filters + ReLU + Stride=1 + kernel width =3
MaxPooling Global 2x2
5 Dense 128 units +ReLU activation
6 Softmax 2 classes classification
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Stages Details
- Input layer: 100x100x3
first - Convolutional layer (64 filters, kernel size 7x7): 50x50x64
- Max pooling layer (kernel size 3x3): 24x24x64
- Residual block (64 filters): 24x24x64
second - Residual block (64 filters): 24x24x64
- Residual block (64 filters): 24x24x64
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- Convolutional layer (128 filters, stride=2, kernel size 1x1):
12x12x128
third - Residual block (128 filters): 12x12x128
- Residual block (128 filters): 12x12x128
- Residual block (128 filters): 12x12x128
- Convolutional layer (256 filters, stride=2, kernel size
1x1):6X6X256
fourth - Residual block(256filters) :6X6X256
- Residual block(256filters) :6X6X256
- Residual block(256filters) :6X6X256
Convolutional layer (512filters, stride=2,
kernel_size=1*1):3X3X512.
) - Residual block(512filters):3X3X512.
fifth  _ Residual block(512filters):3X3X512.
- Average pooling layer (kernel size=7x7):1x1x2048.
- Fully connected layer:1000 classes. (This layer will be removed)
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Classifier Accuracy
RF 87%
SVM 86%
RF 75%
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Selecting Sports Players Using Intelligent Techniques
Assistant Lecturer Mohammed N. Kannah
mohammed_naif85@nan.epedu.gov.iq

Abstract: Speech is one of the most natural forms of expression. As
technology advances, the interaction between humans and machines is
becoming more sophisticated. Research has shown that emotions can be
detected not only through facial expressions but also through sounds. Like
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facial features, auditory characteristics such as pitch and intensity can
provide valuable information about a person's emotional state. Studies
suggest that it is possible to build intelligent systems that recognize
individuals' emotional states through their voices, distinguishing between
anger, sadness, happiness, fear, normal state, and others. These systems
can be used in various applications such as driver safety systems and
customer service systems. In this study, we aim to apply emotion
recognition systems in the sports field. The developed system called
CHOOSE_TEST that tests the emotional state of CHOOSE players before
they play a tournament to determine their psychological stability, Negative
feelings such as sadness and anger will be referred to as an ABNORMAL
psychological state, and positive feelings such as feelings of joy and
natural will be referred to as NORMAL psychological state. The system
detects the player's psychological state through sound and its features.
We built two models for this system: DL_CHOOSE model based on CNN
and ML_CHOOSE model based on pre-trained (ResNet50) and transfer
learning concepts. The system has an accuracy rate of 97% using CNN
and 87% using ResNet50 for discrimination purposes.
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